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ABSTRACT

The paper seeks to analyze comments of viewers about women-centric Hindi web series on online platforms. The
study uses computational text analysis of 300 reviews collected from IMDDb and YouTube of three Hindi web
series - Delhi Crime, Bombay Begums and Aarya. The research integrates feminist media theory and Al-powered
sentiment analysis to demonstrate viewers' interpretations on female agency, empowerment, and resistance in
online content. A step-by-step process including cleaning the data, converting words into numerical vectors using
TF-IDF, assigning sentiment scores based on polarity, and classifying opinions with Logistic Regression was
followed for the analysis of the dataset. Words like women, strong, story, and engaging showed up often, showing
viewers noticing female characters minutely. At least in theory, these findings help explain how digital audiences
engage with female empowerment related themes in Indian OTT shows. The study reveals that audience reactions
are shaped by both narrative choices and broader cultural attitudes toward gender roles. The outcome of the
research shows mixed reactions on the part of the viewers with 36 percent negative responses, 32.3 percent
positive and almost 31 percent neutral feedbacks. Web series - Delhi Crime - got best reception with average
(+0.023) score, while Aarya received the most criticism with (0.093) score.
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major venues for the development of new ways of
storytelling that actually break from traditional
narrative forms. One major change witnessed in the
OTT era is the rise of women-centric stories that put
female leads first and deal with issues like gender
discrimination, social justice and female
empowerment. Earlier, media had often shown
women in supporting and stereotypical roles.
However, nowadays web series show women as the

1. Introduction

The rapid growth of digital streaming platform has
significantly = changed contemporary media
ecosystem. It has impacted both content creation and
audience consumption habits. Over-the-top (OTT)
platforms such as Netflix, Amazon Prime Video,
and Disney+ Hotstar have revolutionized the way

television and films are made and narrated by giving
content creators more freedom to experiment with
stories and themes. In contrast to traditional
broadcast TV and cinema, these platforms have
hardly any regulatory restrictions, and they have
worldwide distribution networks, which allow the
production of different and innovative stories.
Hence, these streaming platforms have turned into
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main characters who are pushing the story forward.
These stories portray very detailed characters that
mirror changing socio-cultural contexts and gender
relations in the world. Indian streaming platforms, in
particular, have played a major part in this change
by coming out with stories that give women the lead
role in the storyline conflict and decision-making.
Web series such as Delhi Crime depict women in top
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positions in the state structures, while Aarya narrates
the story of a housewife turning into a gangster-
mother powerful figure. On the other hand, Bombay
Begums brings about a complex story running
parallel to show how urban women deal with the
drive for a career, love and social pressure. These
stories depict a cultural evolution for media
storytelling at large, where feminine characters are
not only questioning the patriarchal norms, but also
asserting their narrative agency. Although women-
centric stories are becoming more prominent in
digital media, academic research focused on how
audiences perceive and understand these portrayals
is still quite scarce. The main focus of traditional
feminist media studies has been the textual analysis
of films and television narratives, exploring how
gender representation is a factor in shaping
ideological meaning and cultural discourse. Such
approaches yield important understanding of
narrative and visual representation. However, they
mainly depend on qualitative interpretation and
small-sized datasets. The rise of online review sites
and digital discussion forums has brought about the
possibility to study audience reactions to media
content on a large scale. IMDb and YouTube show
thousands of reviews in which films and TV
audience express their opinions, emotions and moral
judgements. These reviews serve as sources of
audience discourse which explains to us how
viewers  understand and interpret  gender
representation and female empowerment in
contemporary media narratives.

Nonetheless, conducting in-depth
qualitative research on huge amounts of text
naturally raises several methodological problems.
Digging through hundreds or thousands of customer
reviews manually would be a very slow process and
could potentially restrict the depth of exploring the
material. Improvements in digital techniques,
especially those related to natural language
processing and machine learning, provide excellent
means for handling large text collections in a
thorough and quick manner. Emotion classification,
one of the outstanding methods in computational
linguistics, helps investigators to discover and
characterize the affective message contained in the
text. Dividing feedback into positive, neutral, and
negative sentiments, emotion classification can
uncover tendencies in the views of the public toward
certain stories, characters, or themes. Acting jointly
with machine learning techniques and term
weighting methods such as TF-IDF, emotion
classification permits comprehensive analysis of the
discourse of the audience from a very large
collection of documents in a way that is
methodologically sound. A very recent trend is the
use of computational tools for analysis by a team of
researchers from different disciplines, who have
now applied these tools on social media
conversations, online reviews, and digital cultural

1JDDT, Volume 16 Issue 47s, 2026

discourses. In fact, such techniques have been
majorly instrumental in unveiling the layers of
public opinion as well as the dynamics of people's
interaction with various forms of media content.
However, combining computational analysis with
feminist media theory remains a very frontier and
unexplored area. Only a handful of studies have
employed machine learning techniques in
examining the audience reaction towards women-
centric narratives in streaming media. In that light,
this paper is an initiatory step in the direction since
it uses feminist media theory along with
computational text analysis to explore audience
reception of women-centric Hindi web series. The
research uses a collection of IMDb and YouTube
reviews associated with the chosen web series
featuring women lead characters as a dataset and
applies natural language processing methods to
preprocess the text and discover the salient linguistic
patterns.  Performing sentiment analysis is
subsequently a means of categorizing different types
of audience opinions. However, on another hand,
machine learning classification models reveal the
structure in the audience language. Combining
computational analysis with feminist media studies
tries to demonstrate as to how audience interpret and
break traditional gender stereotypes related to
women’s subjugation in patriarchal social system in
India. The study serves as a bridge between media
studies, cultural analysis, and artificial intelligence
by showing the potential of computational tools and
techniques in examining audience responses.
Besides it, the study uses Al-enhanced techniques to
analyze cultural discussions in the arena of digital
streaming platforms.

2. Conceptual Framework

The research combines together interdisciplinary
viewpoints drawn from feminist media studies,
computational text analysis, and audience reception
theory to look at how viewers understand women-
centric narratives. The conceptual framework
demonstrates that a narrative's portrayal can
influence as to how the viewers understand it and
after that this understanding is analyzed by
computationally processing the online reviews.
Feminist media theory helps in understanding how
female characters either break away from or
conform to traditional gender stereotypes (Ghosh, S.
(2010). Women-centric web series depict complex
and layered women characters in streaming
platforms and Delhi Crime, Aarya, and Bombay
Begums are the examples of this departure from the
traditional women-in-the-background narrative to
women-as-the-central-agents-of-power narratives.
The audience reading of such narrative in the web
series is expressed through online reviewing on
IMDb and YouTube platforms where audience
narrate their feelings, interpretations of story, and
women characters assessments. These written
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reviews constitute a valuable source for analyzing
audience perspectives. To systematically analyze
this conversation, the paper uses computational text
analysis techniques such as text preprocessing, TF-
IDF feature extraction, sentiment analysis, and
machine learning classification.

Conceptual Framework Diagram

Conceptual Framework: Al-Driven Analysis of
Audience Perception of Women-Centric Web Series
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Figure 1 Conceptual framework illustrating the
integration of feminist media theory, audience
reception, and computational text analysis for
examining audience perceptions of women-centric
web series.

3. Literature Review

3.1 Representation of Women in Media Narratives
The depiction of women in media has been a major
area of focus in media and cultural studies. Early
feminist media scholars believed that most cinema
and television programs still present women in a
way that supports patriarchal systems. Traditionally,
women are shown as passive, subordinate, or mere
stereotypes (Mulvey, 1975). Based on Mulvey’s
well-known 'male gaze' argument, women in films
and other visual narratives are often positioned as
objects of visual pleasure for men who watch them.
This use of cinematic language and framing of
scenes end up reinforcing gender inequalities. After
that, feminist media scholars not only focused on the
patriarchal context but also discussed how one's
gender identity and representation are really social
developments and owing to the performance of the
media. Butler (1990) suggested that gender is not
simply an innate feature of biology but is actually a
construct that is both shaped and reshaped through
ongoing social and cultural practices. Within the
context of media stories, such performative gender
constructions agree often present through
stereotypical portrayals of feminine traits which
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emphasize dependency, emotions, or domesticity
(Prasad, M. M. 1998). Besides that, Gill (2007)
made the observation that the representation of
women in today's media culture is quite often a
swinging from one extreme of empowerment to the
other extreme of objectification. On the one hand,
women are shown as strong and independent in
some modern media productions; on the other hand,
these portrayals are still deeply-enmeshed/patched
into the- (Shrivastava, 2021) consumerist or-
patriarchal-frameworks. In the Indian media sphere,
the longstanding formula of the celluloid world has
been to shackle women characters into fixed roles,
like the ever-sacrificing mother, the obedient wife or
the girl-next-door type (Gokulsing & Dissanayake,
2013). Such portrayals worked as a tool to keep
patriarchal traditions intact and to limit women's
freedom to tell stories from their point of view. The
rise of online streaming platforms, often called
Over-the-Top (OTT) platforms, has drastically
reshaped how media is produced and consumed.
With a few exceptions Netflix Amazon Prime
Video, and Disney+ Hotstar opened the door for
many experimental and innovative storytelling since
they eliminated numerous limitations attached to
traditional broadcast TV and theatrical movies. It
has been pointed out by researchers that thanks to
OTT platforms creators get a chance to present
complex themes and various types of characters that
were hardly ever shown in mainstream media before
(Lotz, 2017). As a result, narratives focusing on
women and highlighting their issues like gender
inequality, workplace discrimination, and female
empowerment have become more common. Indian
OTT content, in particular, has featured more
women-centric stories that break away from
conventional gender roles. For instance, Delhi
Crime shows women as law enforcement officials
while Aarya narrates the story of a housewife who
becomes a key decision-maker in a criminal gang.
Likewise, Bombay Begums tells the story of women
as they deal with tough choices and climb the ladder
of corporate power in modern-day urban India.
These stories are a part of bigger changes in how
gender is shown in digital media (McRobbie, A.
2009). Some studies show that OTT services give
storytellers more room to tell their stories. As a
result, they portray female characters as individuals
with varied traits who also have their own stories
rather than just playing the role of a supporting
character in the male protagonist's story (Athique &
Parthasarathi, 2020). Thus, in the culture of media,
streaming services are now recognized as significant
venues where gender norms can be debated and
reshaped.

3.2 Audience Reception and Digital Media
Engagement

Knowing how the public perceives your message is
critical in assessing the effect of gender portrayal on
media narratives. Media audience reception research
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has for a long time depended on qualitative
techniques such as interviewing, conducting focus
groups, and closely observing natural behaviours to
study how the audience decodes media texts (Hall,
1980). In fact, Halls encoding-decoding model
argues that the viewers are not just passively
watching the advertisements. Instead, they play an
active role in determining what they mean to their
own lives. This means that a person’s social and
ideological standpoint will influence whether he or
she will interpret the media content in a dominant,
negotiated, or oppositional way. Such a point of
view calls for the necessity of investigating the
language of the audience to get to the bottom of how
media portrayals are read and challenged. As digital
platforms continue to grow, audiences are mainly
transitioning their interactions through online rating
systems, social media conversations, and creation of
their own content. Websites like IMDb and
YouTube host vast amounts of data in the form of
audience reviews that reveal rich information on
how users perceive the media and their cultural
mindsets. Such data open the possibility for scholars
to study audience language on a huge scale--
something hardly possible with the help of
traditional qualitative methods. Recently, digital
media research has started to use methods of
computation for understanding how audiences react
to movies and TV series. Such methods merge text
analysis with techniques of data science, which help
researchers find trends in audience mood, thematic
talks, as well as cultural understanding (Thelwall et
al. 2012).

3.3 Sentiment  Analysis in  Media and
Communication Research

Sentiment analysis and estimation is a natural
language processing method that recognizes the
emotional orientation of text data. It has turned out
to be a quite useful tool for dealing with very big
corpora in such areas as marketing, political
communication, and media studies (Liu, 2012).
When it comes to media research, sentiment analysis
is a way for researchers to thoroughly check the
reactions of audiences to films, television programs,
and other digital media by analyzing their online
comments. Instead of relying solely on reading
reviews and assigning them a sentiment label, Pang
and Lee (2008) showed that machine learning
approaches could be used to classify sentiment in
movie reviews very accurately with methods such as
support vector machines and logistic regression.
Such an approach paved the way for computational
sentiment analysis within cultural studies. Since
then, sentiment analysis has been extended to
different genres of digital media discourse such as
social media messages, online reviews, and blog
articles. The results of the research show that
computational methods not only give large-scale
empirical support of audience perception but also
serve as a good complement to conventional
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qualitative analysis (Cambria et al. 2017). Despite
its growing adoption in media research, the use of
sentiment analysis in studies of gender
representation remains relatively limited. Most
feminist media studies continue to rely primarily on
qualitative textual analysis. Integrating
computational techniques with feminist theory
therefore offers a promising interdisciplinary
research direction.

3.4 Machine Learning Approaches to Text
Classification

Modelling techniques of machine learning (ML) are
increasingly playing a role in studying textual
datasets in communication research. Classification
of textual documents through detecting the pattern
of linguistic features can be done by supervised
learning algorithms such as logistic regression,
support vector machines, or deep learning. A
popular method for representing text is Term
Frequency- Inverse Document Frequency (TFIDF),
which changes text data into numeric vectors
indicating the importance of words relative to the
corpus (Manning et al. 2008). After that, these
vectors serve as machine learning classifier inputs
that can predict categories like sentiment or topic.
The most common way of evaluating machine
learning classification models is comparing
accuracy precision recall, and Fl-score. Also,
confusion matrices further help model performance
by showing how predicted labels match actual
categories. Big textual dataset is otherwise difficult
to interpret manually, in media studies, the use of
machine learning gives researchers some degree of
ease to interpret data successfully, therefore,
analysis of audience reviews allows scholars to
discover patterns in public discourse and cultural
perception which may be hidden through only
qualitative analysis.

3.5  Computational  Media  Studies  and
Interdisciplinary Approaches

Media studies blending with computational
methodology has led to the emergence of
computational media analysis which is a new
interdisciplinary field of cultural studies and data
science (Zhang, L., Wang, S., & Liu, B. 2018).
While on the one hand, computational methods help
measure sentiment analysis in terms of amount of
audience reactions, on the other hand, feminist
media theory provides the interpretive framework
necessary to understand cultural significance of
these viewer’s reactions. Postmodern scholars
producing comprehensive analyses of gender
representation in digital media are no longer a rarity
as a result of merger of natural language processing
techniques with feminist media theory. So far as
research gap is concerned, many research earlier
have examined gender representation in film and
traditional Television shows, very few of them have
combined machine learning methods with feminist
media critique to analyze viewer reactions towards
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women-focused web series. And most of the
research done so far have implemented qualitative
analysis of the dataset. The rapid growth of OTT
platforms has led to the emergence of diverse
storytelling techniques through experimentation
with narrative formats. These innovations not only
challenge traditional gender stereotypes but also
open up new avenues for the systematic
computational analysis of audience responses—an
area that remains largely new and underexplored.
4.1 Research Questions

RQI1: What are the overall audience sentiments
towards women-focussed Hindi web series based on
audience reviews collected from IMDb and
YouTube platforms?

RQ2: What significant themes and keywords emerge
in viewers discussions about female leads in selected
web series?

RQ3: How do audience assess narratives that
challenge traditional women stereotypes in the
digital streaming content?

RQ4: What patterns can sentiment classification
based on machine learning show about audience
perceptions of women centric storytelling?

RQS5: How do computational sentiment analysis
results contribute to understanding audience
reception of female empowerment narratives in
Hindi web series?

5. Research Methodology

5.1 Research Design

The study uses computational technique to process
large scale textual data to identify pattern in
audience discourse relating to female representation.
To carry out this research, computational media
analysis approach together with media studies,
natural language processing (NLP), and machine
learning techniques to analyze audience perceptions
of women-centric Hindi web series was used. The
research integrates text mining, supervised machine
learning classification and sentiment analysis to
study and analyse audience reviews collected from
online platforms- IMDb and YouTube. Hindi web
series-Aarya, Delhi Crime, and Bombay Begums-
featuring prominent female protagonists were
chosen for the study. Diverse narrative genres
including crime drama, investigative thriller, and
corporate drama were represented in the chosen web
series. Showing complex as well as layered female
characters, these web series challenged conventional
gender stereotypes. Overall, the workflow
comprises of five stages: Data collection, Data
preprocessing and cleaning, Text feature extraction,
Sentiment analysis and keyword analysis, Machine
learning—based sentiment classification. This
integrated approach facilitates both qualitative
interpretation and quantitative analysis of audience
responses.
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5.2 Data Collection

A total of 300 user reviews on selected web series,
collected from the Internet Movie Database (IMDb)
and YouTube, were interpreted and analyzed. It
includes three Hindi web series- Delhi Crime
(n=115), Bombay Begums (n=94)), and Aarya
(n=91). Each record in the dataset includes the
following variables:

Variable Description

Review id  Unique identifier for each review

Series Name of the web series (Aarya /

name Delhi Crime / Bombay Begums)

Platform Source  platform (IMDb  or
YouTube)

Review Full textual content of the review

text

Sentiment  Sentiment polarity score (—1 to +1)
score derived from NLP analysis

Sentiment ~ Categorical sentiment  label
label (Positive / Neutral / Negative)

All data analyzed in this study are publicly
accessible, ensuring compliance with ethical data
collection standards.

5.3 Data Preprocessing

Before computational analysis, raw review texts
were pre-processed to remove noise and standardize
textual data. The preprocessing pipeline included the
following steps.

Text Data Preprocessing Pipeline for Audience Review Analysis

Raw Review Text Data

(User-generated audience reviews collected from digital platforms)

{

Text Cleaning

(Removal of HTML tags, punctuation, special characters;
conversion to lowercase)

{

Tokenization

(Segmentation of each review into individual words or tokens)

{

Stop-word Removal

(Removal of frequently occurring non-informative words
such as “the”, “is , “and, “this")

!

Lemmatization

(Reduction of words to their base forms:
characters — character, acting — act, women — woman)

I

Preprocessed Text Corpus

(Standardized textual dataset ready for computational analysis)

1

Feature Extraction

(Conversion of textual data into machine-readable features)

Figure 2: Text data preprocessing pipeline for
audience review analysis

5.4 Feature Extraction: TF-IDF Vectorization
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The study used Term Frequency-Inverse Document
Frequency (TF-IDF) vectorization to convert textual
data into numerical features appropriate for machine
learning algorithms. TF-IDF is extensively used
technique in text mining. It helps measures the
importance of a word in a document relative to its
occurrence in the entire corpus.

The TF-IDF weight of a term is calculated as:
TF-IDF (t, d) = TF (t, d) XIDF (t)
Where:
e TF (t, d)) represents the frequency of term
(t) in document (d)

e IDF(t)) represents the inverse document
frequency of term (t)

e df (t) = number of documents containing
term t

TF-IDF formula was used to identify the most
significant keywords used in the dataset. The results
were subsequently used for sentiment classification
and keyword frequency analysis. A maximum
vocabulary of 500 features was extracted, with
English stop words excluded from the feature space.

5.5 Sentiment Analysis

Sentiment polarity scores were assigned to each
review using a lexicon-based NLP approach. It
yields continuous scores ranging from —1 (strongly
negative) to +1 (strongly positive). Scores were
converted into three categorical labels using
threshold-based classification for classification
purposes only:

Positive if score > 0.1 | Neutral if —0.1 <score <
0.1 | Negative if score <—0.1

This threshold-based categorization enabled the
construction of sentiment distribution analyses and
provided ground-truth labels for supervised machine
learning classification.

5.6 Machine Learning Classification

A machine learning pipeline was under strict control
and supervision to find out if automatically
predicting audience sentiment from textual review
features is feasible or not. In order to split the
dataset, training group (80%, n=240) and test group
(20%, n=60) were formed, with stratified sampling
to ensure even distribution of different sentiment
types. Logistic Regression (LR) was the technique
applied. LR is very easy to understand, very efficient
in terms of execution time, and yet it produces
excellent results in text classification. By passing a
sigmoid function through a linear combination of the
TF-IDF values, it estimates the probability of a
review belonging to a certain sentiment. Evaluation
was performed using a confusion matrix and the
standard metrics (such as Accuracy Precision
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Recall, and Fl-score) were calculated for each
sentiment class. It turned out that the results were
consistent with patterns located at several emotional
categories.

6. Findings and Results

6.1 Overall Sentiment Distribution (RQ1)

After reviewing full dataset of 300 audience
reviews, mixed feeling tended to be mostly negative
leaning. With 110 entries or 36.7 percent entries,
most common feedback type recorded was negative.
Positive feedback came next standing at 97
comments (32.3 percent) followed by neutral
responses making up 93 (31.0 percent). With
sentiment score at 0.016 on an average, negative tilt
was noticed. The spread of scores is 0.52, meaning
emotions vary widely was also noticed. Now, this
matched the different storylines and topics in the
three series chosen for study. Does that really reflect
real viewer reactions? The answer is in affirmation.

Tablel: Overall sentiment distribution across the
corpus of 300 audience reviews

Sentiment Category Frequency (n)

Negative 110
Positive 97
Neutral 93
Total 300

6.2 Series-Wise Sentiment Analysis

Disaggregation of sentiment by web series shows
clear differences in how audiences respond to the
three titles. Delhi Crime gets the most positive
feedback with 44 favourable reviews - 38.3% of its
115 total. Its average score was +0.023. Aarya
received the harshest reaction. It received 36
negative reviews which was almost 39.6 percent of
its 91 total reviews scoring 0.093. So far as Bombay
Begums is concerned, with a score of +0.009, it
showed even and balanced views across all
sentiment levels. This reflects how viewers interpret
each show differently while the data points do not
confirm whether the sentiment gaps are due to
content or other factors.

Table 2: Series-wise sentiment distribution and
average sentiment scores
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Negat | Neut Posit
ive ral ive

Aary 91 36 33 22 0.0

a (39.6 (363 (242 93
%) %) %)

Bom 94 34 29 31 +0.0

bay (362 (309 (33.0 09

Begu %) %) %)

msS

Delhi 115 40 31 44 +0.0

Crim (348 (270 (383 23

e %) %) %)

Total 300 110 93 97 -0.0

(367 (310 (323 16
%) %) %)

Average sentiment score by series
Score range: -1 (srongly negative) to +1 (strongly posiive)

A Bombay Begums Deth Crime

Figure 3: Average sentiment
score by series

Viewers feedback on Aarya and Delhi Crime was
found to be striking one. Both of these web series
place women in the centre of the male dominated
fields such as organized crime and police
procedures. Aarya’s standard crime plot draws more
doubt about how realistic the story feels and how
well it moves along. It’s pacing and story logic are
questioned more often than in Delhi Crime.

6.3 Platform-Wise Sentiment Comparison

Though with some small changes in the percentage
of neutral scores, IMDb and YouTube show a
similar rise and fall in sentiment. The number of
neutral reviews is higher on YouTube: 33.1 percent
vs 28.6 percent. In fact, the tone of YouTube is not
only less formal but also more conversational. As for
negative reviews, the two platforms have the same
number - 55 each. But YouTube records 52 positive
feedback, while IMDbs has 45. YouTube displays
some higher positive figure and it can be attributed
to the formal character of YouTube comments.
IMDb and YouTube platforms have a comparable
amount of negative sentiment (55 reviews each).
However, YouTube shows some degree of positive
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reviews in absolute numbers (52 against 45 on
IMDb).

Table 3: Sentiment distribution by data collection
platform.

Platfor  Total Negati  Neutr Positi

m Revie ve al ve
ws

IMDb 140 55 40 45
(39.3%  (28.6 (32.1
) %) %)

YouTu 160 55 53 52

be (34.4% (331 (32.5
) %) %)

Total 300 110 93 97
36.7%  (31.0 (323
) %) %)

6.4 Keyword Frequency Analysis (RQ2)

The full review of comments identifies a set of
dominant terms which have been done in the TF-IDF
keyword analysis. These reflect the primary
dimensions of audience discourse around the
selected web series. The fifteen highest-scoring
terms by cumulative TF-IDF weight are presented in
Table 4.

Table 4: Top 15 keywords by cumulative TF-IDF
score across the full corpus

Rank Keyword Interpretive
Category
1 Strong 20.84 Positive
evaluation
2 Story 20.53  Narrative
dimension
3 Slow 18.18  Negative
critique
(pacing)
4 Engaging 18.07  Positive
evaluation
5 Women 17.29  Gender
representation
6 Characters 16.81 Narrative
dimension
7 Storyline 14.96  Narrative
dimension
8 Good 13.96  Positive
evaluation
9 Acting 13.47  Performance
dimension
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Rank | Keyword Interpretive
Category
10 Narrative 12.54  Narrative
dimension
11 Episodes 10.79  Format
dimension
12 Stronger 10.65  Positive
evaluation
13 Performances 10.53  Performance
dimension
14 Interesting 10.22  Positive
evaluation
15 Drama 10.10  Genre
dimension

The words like women (rank 5, score 17.29) together
with some other expression such as strong, engaging
and empowering, pointed to the fact that viewers
were focussed on how women are portrayed in web
series. "predictable" and "underdeveloped" like
phrases in the wider list point to criticism about how
deep the stories are. The high TF-IDF value for
"slow" (rank 3, score 18.18) shows that pacing is a
common complaint in all three of these web series.

Top 15 keywords (TF-IDF score)

Figure 4: Picture depicts top fifteen keywords (TF-
IDF score)

6.4.1 Series-Specific Keyword Profiles

The way keywords used in each of these web series
shows differences among them. Highest TF-IDF
values for story-related terms were found in the
Delhi Crime. It included keywords like "story"
(17.48) and "women" (16.92), matching its stronger
audience response. The web series Aarya's pattern
centres on criticism about pacing. The words such as
"slow" and "pacing," mixed with positive feedback
on story quality, performances, and narrative
engagement are found in this pacing. Bombay
Begums links closely to themes about gender roles.
It included terms like women, narrative, characters,
and as well as ratings like "strong" and "engaging.
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6.5 Machine Learning Classification Results
(RQ4 & RQ5)

“The Logistic Regression model hit 100 percent
accuracy on the test data using TF-IDF features.
Precision, Recall, and F1-scores were all 1.00 for
positive, neutral, and negative reviews. With 60 total
test cases, no wrong predictions happened. All 19
positive, 19 neutral, and 22 negative reviews were
correctly labeled.”

Table 5: Confusion matrix for the Logistic
Regression sentiment classifier (test set, n=60)

Predict Positi | Neutr | Negati | Suppo

ed ve al ve rt
Actual: 19 0 0 19
Positive

Actual: 0 19 0 19
Neutral

Actual: 0 0 22 22
Negativ

e

16003 QO ettt (3050 2 - . 340 tecsens

yenasy 0 1 0

ecmach: 1004 - BISCRION: 100 - KSCE 100 E1° 100
AT coupnaton wemp — [oSrnc weiczion

Figure 5: Confusion matrix for the Logistic
Regression sentiment classifier

Table 6: Classification report for the Logistic
Regression sentiment classifier.

Metric @ Positiv Neutr  Negati | Macr
e al ve 0 Avg

Precisio  1.00 1.00 1.00 1.00

n

Recall 1.00 1.00 1.00 1.00

F1- 1.00 1.00 1.00 1.00

Score

Support 19 19 22 60

As shown on table 6 above, the model gave a perfect
score on the test data, which means that the
sentiment labels determined by the polarity scoring
method accurately reflected the actual words in the
reviews. Besides, the model also correctly predicted
the sentiments using TF-IDF features. This confirms

Page 704



Audience Perception of Women-Centric Narratives in Hindi Web Series: A Computational Sentiment Analysis
of IMDb and YouTube Reviews

that the labeling method is very reliable, and the use
of TF-IDF is quite appropriate for such tasks. “The
findings imply that positive, neutral, and negative
reviews have different vocabularies, which become
quite apparent in the feature space, " the authors say.
The data further illustrate that the distinction
between these categories remains the same
throughout the text. "Each category has a specific set
of words that are prominent in the analysis. The
model is able to distinguish these differences
without any confusion. This indicates that the
vocabulary patterns are both stable and meaningful,
" Labels for sentiment are in agreement with what is
really said by the reviewers. The difference in word
usage according to exposure and mood is quite
distinct. The model merely picks up on those
differences, " the continuation of the text says.

6.6 Interpreting Audience Sentiment Through a
Feminist Lens (RQ3 & RQ5)

The results of the study show that viewers had a
range of reactions to the three Hindi web series
selected for the study. The data obtained from IMDb
and YouTube indicate that the viewers' negative
sentiments accounted for 36.7%. Yet, an almost
equal number of viewers replied positively 32.3%.
Still, quite a few viewers appear to be in favour of
and commend the female empowerment narratives,
whereas others, at the same time, are responding
with hesitation or even criticism. Looking at the
three- web series turned out to be significantly
different. Delhi Crime was the one that got the larger
shares of positive reactions. This could be due to the
fact that everything in this series happens within the
context of the 2012 Delhi gang rape case, one of the
most widely known cases. The viewers consider it a
more genuine and ethically convincing series as the
film's story is based on a real and highly emotional
event of 2012. On the other hand, Aarya was the one
getting the most critical reviews. This is maybe
because Aarya is showing woman outside the norm
in a very unconventional and challenging way. The
main character is running a criminal organization
and doing illegal and immoral acts; hence, some
viewers might even get a bit startled when seeing a
woman doing such untraditional things." Since the
general pattern of Audience' expectations are shaped
by fast-paced, male-dominated crime dramas
therefore their slower pacing has been most
remarked in users' comments as explained by the
crowd's recurring use of the word slow. “Compared
to these, Aarya’s focus on character development
and emotional depth may feel less action-driven,
leading some viewers to perceive it as lacking
momentum.”

6.7 Gender Keywords and Audience Awareness

Why would audiences ignore gender when stories
shape how they feel? The word "women" ranks fifth
in TF-IDF, scoring 17.29, proof it's central. That
means people don't just watch these shows, and they
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pick up on gender. They see it as part of the story's
meaning. Thing is, viewers aren't passive. They
judge content through a lens shaped by what's seen
and felt It's not neutral. Gender matters to their
experience.

Positive Reviews Negative Reviews Neutral Reviews

Empoweringwaaaes  Predictablesiow Storyline Aversee
Inspiring Great aiché Boring Unrealistic - - Actind’
Excellent Strong peormences DIS2PPOINtING  Weal Plot _g h CUING yiixed
Performances \yiel| Acted Annoying  Overacting PaﬂﬂgcA aracters
Uplifting emale Leads Bad Writing D}nl[ Repetitive Routine Simple Mediocre
. Generic _ Clichéd Flat Nothing New Plot

Refreshing Engaging Waste of Time Fair Passable
Enjoyable Heartwarming

Figure 6: Word cloud of audience feedbacks

As shown on figure 6, the way words like women,
strong, engaging, and empowering appear alongside
underdeveloped and unrealistic ones shows a solid
range in how audiences take female roles. Some see
depth and real strength. Others feel the stories lack
grounding. It seems the platform matters, YouTube
draws more neutral voices because of how its
algorithm works. IMDb pulls in serious fans who
often give sharper takes, either fully supportive or
sharply vital. Hard to ignore: online spaces don't just
reflect opinions; they shape them too. For now, this
pattern holds across both sites. The evidence shows
that tone is not fixed, and it changes based on where
you're viewing. That might explain why some
reactions are warm as others boil down to
frustration.

7.3 Limitations

The present study has some limitations. Going by
the sample size, the corpus of 300 reviews doesn’t
seem to cover the full range of audience reactions to
web series. To get the whole picture better, it would
be better to have a greater number of reviews to be
included in the analysis. In addition to it, language
plays a crucial role in such scenario; almost all the
reviews so collated were in English language. The
research seems to miss out a large share of Hindi
speaking community feedback that matters a lot in
discussion about Indian OTT ecosystem. In context
of the Logistic Regression model, though it achieved
perfect accuracy, which supports the reliability of
how reviews were labelled, but this could also mean
the data lacks variety. It might not apply well to
broader and more diverse sets of user comments in
the dataset.

8. Conclusion

By using computational method to analyze 300
audience reviews to understand responses of people
on women protagonists in three women- focussed
Hindi web series, the results show a mixed reaction
of viewers. Mixed reactions were mostly negative
highlighting differences based on genre, how the
main character is portrayed, and the themes used in
these web series. Delhi Crime received the best
ratings, even though Aarya drew the most criticism.
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If we go by Keywords analysis, audiences are found
to pay close attention to gender in their opinions.
Terms like "women," "strong," and "empowering"
were used often in the analysis. The Logistic
Regression classifier, trained on TF-IDF features,
scores 100 percent accuracy on the test data. Now,
this confirms the reliability of how sentiment labels
were applied and shows TF-IDF works well for this
type of content. The paper demonstrates studies
based on large-scale computational text analysis are
a great way to investigate media trends through
audience conversations. It is especially when the
broad discussions of gender roles in entertainment
are taken into account. The blend of feminist theory
and machine learning not only helps to interpret
sentiment analysis results but also brings a deeper
understanding of the discovered patterns related to
people choice on gender discourse. The emergence
of Indian streaming services showcasing strong
female characters is gradually turning the situation
around as it is creating awareness of cultural gender
representations. Thus, this development is definitely
worthy of continuous scholarly attention. Moreover,
research efforts going forward could incorporate
Hindi-language reviews so as to widen the data
scope. Besides, a diverse selection of Indian OTT
web series should be included the data. State-of-the-
art Natural Language Processing tools, e.g. BERT
and its multilingual variants, the study concludes,
may be used with improved sentiment and discourse
analysis as a result. Besides, this may also provide a
better and clearer understanding of user opinions in
different languages.
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