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Abstract

Background: Artificial intelligence (AI) has become a change agent in healthcare and promises to
change clinical decision-making opportunities. Al can be used in nursing to increase efficiency,
minimize human error, and support evidence-based practice, among other things. Nevertheless, the
attitudes, awareness, and desire of nurses to implement Al are still crucial prerequisites to effective
integration into clinical processes.

Purpose: This research targeted the awareness, perceived advantages, difficulties, and attitudes of
nurses to Al as a decision-making tool and determined the reliability and validity of the tool applied.
To add to that, the research has also investigated the effects of demographic characteristics like gender,
education, and workplace on perceptions and readiness to embrace Al.

Methods: A cross-sectional survey design was used, where 237 nurses in 9 hospitals, clinics,
community care, and academic institutions were surveyed to gather data. The Likert scale questions
(Q620) included in the structured type of questionnaire were demographic data. We used statistical
analysis, which is the Shapiro-Wilk normality test, Cronbach's Alpha reliability, KMO, and Bartlett test
of validity, independent sampling t-test, one-way ANOVA, Kruskal-Wallis test, Chi-square test,
Pearson correlation, and regression analysis.

Findings: The data were normally distributed (p > 0.05), and the reliability (Cronbach’s Alpha = 0.92)
was excellent, as well as the validity (KMO = 0.82; Bartlett’s p = 0.001). Cross-group comparisons
demonstrated that there was a high level of difference by gender, education, and workplace, and the
chi-square analysis indicated that education and Al training were strongly correlated. Pearson
correlation also revealed positive relationships between all items in the questionnaire, which showed
that there was coherence between awareness, perceived benefits, and adoption. Regression analysis
found awareness and understanding to have a strong positive influence on willingness to adopt Al, with
age playing a positive but insignificant role.

Conclusion: The research concludes that the willingness of nurses to embrace Al is majorly dependent
on their awareness and knowledge of the technology, with the educational and workplace context
facilitating the adoption of Al It will be necessary to increase training opportunities and Al literacy
among nurses to become effectively integrated into nursing decision-making. The ethical and policy
implications of the Al implementation in the healthcare sector should be further studied in the future.
Keywords: Artificial Intelligence, Nursing, Decision-Making, Reliability, Validity, Adoption,
Awareness
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Introduction

The fast development of the
technological ~ sphere  has  transformed
healthcare delivery, and artificial intelligence
(AI) has become one of the most powerful
tools. Al is the capacity of computer systems
to mimic the process of human intelligence,
like learning, reasoning, and problem-solving.
Diagnostic assistance, predictive analytics,
patient  monitoring, and  administrative
efficiency are some of the areas in healthcare
where Al has shown tremendous potential. Al
systems are capable of helping clinicians make
evidence-based decisions, lowering the risk of
making a human error, and improving patient
outcomes by processing a large volume of data
in seconds and calculating the most precise
values. In the nursing field, which is central in
patient care, Al has the potential to change the
clinical decision-making process by enhancing
the judgment of nurses with data-mined
information (Hu et al., 2025).

Nurses are the closest to patients, and
they may easily have to make quick and under
stress on tricky decisions. Their decisions
influence patient safety, treatment outcomes,
and overall quality of care. Nevertheless,
making decisions in nursing is not a painless
task; they might be influenced by fatigue,
information deficiency, or mental overload.
Artificial intelligence tools, including clinical
decision support systems, predictive analytics,
and natural language processing, can ease
these burdens as they are now able to offer
relevant and timely information. To illustrate,
Al-based supervision will be able to notice
minor alterations in the status of a patient and
notify a nurse prior to the onset of a crisis. In
the same manner, predictive tools that are
based on Al can inform resource allocation,
staffing, and individualized care planning.
These functions underscore the possibility of
Al being a supportive tool to nursing practice
(Ramirez-Baraldes et al., 2025).

Even though it has potential, the
implementation of Al in nursing decision-
making is not a simple task. Some of the
barriers that have been pinpointed include a
lack of awareness, a lack of training, ethical
issues, and fear of having diminished
professional autonomy. Nurses might be
concerned that the use of Al will compromise
their professional skills or potentially eliminate
the human element of care, including empathy
and patient-centered communication.
Additionally, the cost of Al technologies and
disparities in access across healthcare

institutions present practical challenges to
widespread  adoption.  These  concerns
underscore the importance of having a
moderate viewpoint that treats Al as an
adjunctive resource, not a substitute for
nursing judgment (Rony et al., 2025).

To successfully implement Al it is
necessary to understand the perception of
nurses towards it. The perceptions of benefits,
awareness, and attitudes to Al are very
important in determining adoption. As an
example, when nurses are aware of the
importance of Al in error prevention and
patient safety, they will be more willing to
accept the implementation of Al in clinical
practice. On the same note, a positive attitude
toward Al as an aid could also increase the
willingness to implement it into everyday
workflows. On the other hand, the absence of
training and ethical doubts can become a
barrier to acceptance. These factors are
important to investigate to develop effective
training programs, policies, and support
systems that would enable nurses to utilize Al
in an effective manner (Park, 2025).

The proposed research is meant to
examine the awareness, perceived benefits,
challenges, and attitudes of nurses on Al as a
clinical decision-maker. Using statistical tests
to evaluate the normality, reliability, validity,
and group differences allows the study to
present evidence on the effect of demographic
factors on perceptions of Al. Moreover, the
study determines the most important predictors
of the willingness to implement AI in the
nursing practice with the help of correlation
and regression analyses. It is hoped that the
findings can guide healthcare leaders,
educators, and policymakers to develop
strategies to improve Al literacy and overcome
some barriers and achieve safe and effective
application of Al to nursing decision making
(McGrow, 2025).

Literature Review

Artificial intelligence (AI) has
quickly become a disruptive technology in a
variety of industries, and healthcare is among
the most radically influenced industries. Al in
the healthcare industry can be used in
diagnostics, predictive analytics, electronic
health records (EHR), and personalized
treatment planning. Jiang et al. state that in the
current state of affairs, Al-based algorithms
have become able to perform diagnostic
functions with accuracy close to that of human
clinicians and sometimes even higher.
Whereas earlier attention has been paid mostly
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to physicians, the recent literature highlights
that nursing, which is the cornerstone of
patient care, is likely to gain immensely
through AI implementation. Nurses are to
monitor patients constantly, make decisions in
difficult situations, and organize the work of

multidisciplinary teams (Nashwan et al., 2025).

The literature reflects that these
responsibilities can be supported using Al
tools that are able to deliver real-time alerts,
interpret the data, and support decisions, which
in turn leads to better patient safety and care
outcomes. Nursing decision-making is a
complicated mental activity that involves a
synthesis of clinical knowledge, experience,
moral reasoning, and patient-centered care.
Historically, nursing decision-making models
have been based on the use of evidence-based
practice, intuition, and the experience of a
nurse. Nevertheless, nurses usually face such
obstacles as information overload, exhaustion,
and scarcity of resources, which can
deteriorate the quality of decisions. Al has
been placed as a tool to alleviate such
problems by helping synthesize information
and provide actionable information (Ibrahim et
al., 2025).

To demonstrate an example, clinical
decision support systems (CDSS) operated by
Al can process trends in patient data and
provide recommendations on the necessary
interventions, possible adverse events, or
streamline care courses. These tools will meet
the objectives of precision nursing, where
interventions are designed in response to the
unique patient needs; thereby enhancing
outcomes whilst minimizing the differences in
care delivery. A large amount of literature
supports the value of Al in nursing decision-
making. Research points out that Al has the
ability to minimize diagnostic errors, improve
early signs of patient deterioration, and support
evidence-based interventions. An example of
such risks predicted by predictive algorithms
includes sepsis or patient falls, and nurses can
act before they occur (Qaladi et al., 2025).

It has also been discovered that Al
manages to improve the efficiency of the
workflow, automating more common routine
tasks like documentation and medication
reminders, thus leaving nurses with a chance to
concentrate on direct patient care. Moreover,
Al provides professional growth, since
information-based  knowledge may Dbe
presented as educational resources that can
improve the clinical reasoning of nurses.
Therefore, the literature narrows down to the
fact that Al can enhance the quality of care and
the professional experience of the nurse.
Nevertheless, in spite of these positive sides,

the issues and obstacles to the deployment of
Al in nursing are a common theme in the
literature. There are also concerns related to
ethics as researchers claim that placing trust in
Al can erode autonomy and humanistic care of
nurses (Hassanein et al., 2025).

Accountability concerns are also
raised because, in case an Al tool generates an
incorrect suggestion, it is not clear who should
be blamed: a nurse, an institution, or a
technology developer. The second major
obstacle is the training and education that
nurses are not trained on the use of Al
According to the study conducted by McBride
et al., the content of digital health technologies
in most nursing curricula is not substantial,
which poses a gap between readiness for
technological innovation and clinical practice.
Moreover, unequal distribution of resources
implies that access to Al tools is not
distributed equally among all healthcare
facilities, as underfunded and rural hospitals
tend to be left behind. Another body of work
focuses on the perceptions and attitudes of
nurses towards Al (Park et al., 2025).

Attitudes that are positive are mostly
associated with awareness and exposure.
Nurses who recognize the advantages of Al in
enhancing patient safety and lessening
workloads will have the greatest likelihood to
embrace and utilize AI. On the contrary,
skepticism tends to emerge when Al is seen as
a threat to professional identity or employment.
It has also been studied that attitudes are
dependent on the demographic characteristics
of the person, like education, experience, and
the working environment. As an example,
advanced-degree nurses are more prone to
adopting AI, which may be explained by the
fact that they were more exposed to the
research and innovations. On the same note,
individuals in technologically advanced
hospitals are more likely to report more
positive perceptions than those in under-
resourced, strained environments (Penner et al.,
2025).

Such results are indicative that
adoption is never only affected by the
individual knowledge of the individual but also
by the  organizational culture  and
organizational support networks. Recent
research also emphasizes the relevance of the
introduction of Al into nursing education and
training. Curriculum reform that incorporates
informatics, data interpretation, and Al literacy
competencies would prepare the nursing
workforce to work in the digital future. Risling
states that nurses must acquire skills of
technical and critical thinking to analyze Al-
produced insights. The training programs
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should highlight that Al is an assistant tool, not
a substitute that will replace professional
judgment. The same idea is reflected in the
stance of the World Health Organization,
which suggests investments in workforce
development and ethical practices as the only
way to implement Al responsibly in healthcare
(Almagharbeh et al., 2025).

In the absence of this preparation,
nurses will either not use Al sufficiently
because they lack confidence or will use it
excessively without exercising sufficient
clinical judgment. Besides training, policy and
governance structures are important factors to
influence the adoption of Al in nursing. A
need to establish clear guidelines on data
privacy, security, and accountability is
emphasized in the literature. As Al
applications are  sensitive to  patient
information, data security and confidentiality
are of utmost importance. In addition, policies
are supposed to outline roles and
responsibilities in Al-assisted care in order to
avoid cases of ethical dilemmas and legal
ambiguity. Researchers believe that nurses
should be engaged in the process of policy
formulation because front-line experience
provides them with perspectives on the
practical value of AI implementation in
clinical practice (Davis, 2025).

Altogether, the literature presents Al
in nursing decision-making as a two-sided
sword: on the one hand, AI has a huge
potential to enhance patient care, improve
safety, and assist nurses in decision-making,
but on the other hand, Al poses significant
ethical, educational, and policy issues. It is
agreed that the future of AI in nursing will
depend on a balanced solution that will involve
a combination of technological innovation and
the main principle of human-centered care. In
order to maximize benefits, healthcare
institutions need to invest in training,
infrastructure, and supportive policies and
must develop a culture that sees Al as a
partner, not a replacement. In this manner, Al
will be able to become a part of nursing,
reinforcing professional autonomy, improving
patient outcomes, and making healthcare
delivery sustainable (Mohammed et al., 2025).
Research Methodology
Research Design

The research presents itself as a
quantitative, cross-sectional survey research
design to explore the influence of Artificial
Intelligence (AI) on nursing decision-making.
The survey-based method will be suitable as it
will make it possible to gather standardized
answers among a heterogeneous population of
nurses and analyze the perceptions, attitudes,

and experiences statistically. The cross-
sectional design represents the information at
one moment of time and provides a picture of
the current awareness, benefits, challenges,
and expectations about the introduction of Al
into nursing practice (Fernandes et al., 2023).
Population and Sample

The population of the study will be
registered nurses in hospitals, clinics,
community health, and academic/research
institutions. Inclusion criteria are professional
practice in nursing, a minimum of one year of
experience, and an acquaintance with clinical
decision-making. Different educational
backgrounds are also represented (Diploma,
Bachelor, Master, PhD), so as to have a
diversity of knowledge and perspectives. The
sample size of 237 participants was picked
through purposive methodology, where both
age groups, gender, and working conditions
were represented. This is viewed to be a
sufficient sample size when it comes to
inferential statistics (Martinez-Ortigosa et al.,
2023).
Data Collection Instrument

A questionnaire was formulated in a
structured format to assess awareness,
knowledge, perceived benefits, challenges, and
attitudes concerning Al in nursing decision-
making. The questionnaire was broken down
into five parts (Lynn, 2019):

e Demographic  Information (age,
gender, education, years of
experience, workplace).

e Awareness and Knowledge of Al in
healthcare (Chang et al., 2022).

e Perceived Benefits (e.g., faster
decision, fewer errors, better safety).

e Difficulties and Concerns (e.g.,
reduction of autonomy, ethical
concerns, training obstacles, cost
barriers) (Seibert et al., 2021).

o Attitudes Towards Future Use
(willingness to use, complementary
role of Al to nursing judgment, future
significance) (Ronquillo et al., 2021).

The attitudinal and the perception items

were answered on a S-point Likert scale of
Strongly Agree to Strongly Disagree. This is a
common format in social science research to
evaluate attitudes and also provides validity
and comparability of the responses (McGrow,
2019).
Data Collection Procedure

These data were gathered using
electronic means by way of secure survey
forms sent to the nurses in various
organizations. The purpose of the study,
voluntary participation, and confidentiality of
answers were explained to the participants.
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Participation was also informed consent. The
questionnaire was first pilot tested on 20
nurses in order to minimize bias, and then
changed according to the best practice to make
it clear and reliable (Abbasgholizadeh Rahimi
et al., 2022).
Data Analysis

The data obtained were analyzed
using SPSS (Statistical Package for the Social
Sciences) and analyzed in terms of multiple
statistical tests. Frequencies, percentages,
mean, and standard deviations were used to
summarize the demographics and distributions
of the responses using descriptive statistics.
Normality of data was determined by the
Shapiro-Wilk test. Alpha of Cronbach was
used to test the reliability and internal
consistency of the questionnaire. One-way
ANOVA and Independent Samples t-test were
used to test the differences between groups in
terms of demographic variables. Categorical
variables were tested using the Chi-square test
of independence. The relationships between
awareness, benefits, challenges, and
willingness to adopt Al in nursing decision-
making have been investigated using
correlation and regression analyses (Buchanan
et al., 2020).
Ethical Considerations

The concerned Institutional Review
Board (IRB) was approached to get ethical
approval. Anonymity and confidentiality were
ensured, and no data that would identify the
participants was gathered. The responses were
kept in a safe place and were only utilized to
conduct research (Ng et al., 2022).
Data Analysis
Table 1: Normality Test (Shapiro-Wilk)

determined to be 0.92, which is classified as
excellent reliability. This shows that all the
questionnaire questions (Q6 to Q20) are
consistent with each other and are measuring
the same underlying construct of Al and
nursing decision-making (Buchanan et al.,
2021).

Table 3: Validity Test (KMO & Bartlett’s)

|KMO ||Bartlett Chi-Square ||p-value |

0.82  |356.47 0.0 |

Validity Test (KMO & Bartlett’s)

Table 3 shows the validity test of
the data. The KMO value (0.82) indicates that
the adequacy of sampling was meritorious, and
the Bartlett's Test was significant (p < 0.001),
and this indicates that item-to-item correlations
were sufficiently strong to support factor
analysis. Therefore, the tool was legitimate,
and it could be analyzed further statistically
(Swan, 2021).

Table 4: Combined Group Comparison
Tests

Test Statistic s;lue
Independent Samples t-

st 245 (230[0.015
[One-way ANOVA  [4.87 |3 Jf0.003 ]
[Kruskal-Wallis 623 ][4 ]o.001 |

|Chi—Square Test ||15.34 |E||0.0 |

|Variable ||Statistic ||p-value |
|Age lo.os  ]l0.23 |
|C0mposite Score ||O.97 ||0.31 |

Normality Test

Table 1 shows the normality test of
the data. The Shapiro-Wilk statistics showed
that the p-values of both Age and the
Composite Score (Q6-Q20) are greater than
0.05, which validates the fact that the data is
normally distributed. This implies that the data
set can be used in making both parametric and
non-parametric tests (Rony et al., 2024).
Table 2: Reliability Test (Cronbach’s
Alpha)

|Cr0nbach's Alpha ||Interpretation |
0.92 |[Excellent Reliability |

Reliability Test
Table 2 shows the reliability analysis
of the data. The Cronbach's Alpha value was

Group Comparison Tests (t-test, ANOVA,
Kruskal-Wallis, Chi-Square)

Table 4 shows the Group Comparison
Tests of the data Independent samples t-test
results were as follows. The Independent
Samples t-test indicated a  significant
difference in the perception of AI between
male and female nurses (Pailaha, 2023).

1. The One-way ANOVA revealed that
the differences between the education
levels were significant, which means
that the level of higher qualification
can contribute to the increased
positive perceptions of Al (Khosravi
et al., 2024).

2. The Kruskal-Wallis test also brought
up a high level of variation among
workplace environments, indicating
that an  organizational context
influences ATl acceptance (Nijkamp &
Wakefield, 2024).

3. The Chi-Square Test was used to
support the presence of a strong
association between education level
and training undergone in Al,
whereby nurses who are highly
educated were more likely to report
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training in Al (Van der Gaag et al., 44 161 |84 |67 |15 |34 |69 |95
2023). 3 6 6 3 5 8 4
Table S: Pearson Correlation Matrix 0.7 03 (05 [06 |08 (03 ]06
Q1 | Q1 | Q1 16 |04 |70 |62 |52 |02 |03 |02
Q6 Q7 Q8 |Q9 |0 1 2 87 |52 |26 |74 |95 |13 |25 |71
07 0.7 {03 |05 (07 |04 9 03 |2 2 5 8 8 9
Q 976 | 476 | 332 | 497 | 673 | 964 08 06 |03 |05]07 0303 1]0.7
6 |1 57 |09 |37 |57 |98 |97 16 |54 |52 |29 |11 |63 |30 |47
0.4 07 (04 |03 |03 |05 43 104 |62 |99 |65 |8 |99 |11
Q| 363 899 | 047 | 295 | 807 | 276 1 6 5 2 8 2 5 3
7143 |1 41 |8 |52 |31 |78 0.3 06 (07 (03 ]08 |06 |0.6
0.7 108 03 (05 (0.6 |07 79 103 (94 [ 37 |07 |99 |63 |78
Q | 468 | 805 320 | 241 | 216 | 114 26 |57 |71 |81 |38 |46 |55 |00
8 |57 106 |1 29 |68 |41 |46 2 03 |8 1 2 3 5 7
07 105 |04 06 [ 06 |04 06 {06 |05 |06 |05 |06 |07 08
Q| 828|324 | 729 142 | 085 | 781 68 |69 |51 |31 |72 |99 |80 |10
9159 |87 |97 |1 52 |34 |26 62 |69 [16 |79 |59 |41 |88 |67
Q|07 |05 |06 |07 0.8 | 0.8 8 9 5 6 1 1 9 9
1 | 010 | 826 | 391 | 589 145 | 693 03 (04 (0.7 |08 06 |04 |03
0|42 [58 |42 [99 |1 43 |15 57 |02 |64 |61 |07 |90 |43 |93
Q|04 |04 |06 |06 |07 0.8 05 |77 |59 |68 |95 |07 (13 |12
1 | 688 | 761 | 971 | 342 | 703 498 7 5 3 4 24 |5 2 8
13 56 |5 19 139 |1 09 07107 (04 030807
Q03 |07 |05 (05|04 |06 06 |02 [68 [ 77 |54 |09 |40
1| 913 | 177 | 676 | 286 | 809 | 781 38 |73 |18 |21 [26 |64 |77
2 187 |92 |94 |13 |07 |7 1 1 97 |9 1 5 4 5 3
Q|07 |05 |04 [03 |08 |05 |04 0.3 05 05 |05 03 (04
1 | 301 | 696 | 633 | 578 | 415 | 734 | 214 86 00 |87 |75 [0.8 |34 |15
3134 |17 |45 |35 |61 |66 |18 71 18 |62 |12 |38 |33 |82
Q|06 |06 [03 [05 (03 |05 |04 5 1 3 2 9 22 |9 5
1 | 504 | 899 | 506 | 494 | 249 | 963 | 979 0.8 | 0.6 05 |05 07 (04
4159 |08 |67 |84 |69 |94 |17 62 | 43 25 |65 [ 03 |80 |62
Q|03 |08 [05 07 |03 |05 |05 69 | 03 81 |38 |17 |57 |45
1| 136 | 751 | 893 | 696 | 496 | 919 | 944 6 7 1 6 8 4 8 5
518 |36 |8 |41 [38 |95 |24 0.6 0.7 |0.7 04 (04 |08 |07
Q|07 |08 |03 [06 |03 |07 |04 95 |36 |61 81 |44 |56 |25
1957|376 | 841 | 324 | 651 | 033 | 687 65 | 19 |18 15 |49 |67 |94
6 |75 [9 |49 [22 |45 |44 |4 4 7 8 1 6 7 7 3
Q0507 |07 [04 |08 |04 |06 04 108 (03103 03 107 |08
1225|978 | 849 | 902 | 717 | 745 | 090 53 |61 |98 |26 85 |63 |88
7153 |74 |51 |83 |4 51 | 34 57 |62 |76 | 94 81 |26 |12
Q|08 |08 |06 [04 |07 |06 |05 9 6 5 6 1 3 5 3
1 | 344 | 360 | 113 | 895 | 632 | 969 | 241 07 (04 |08 |04 0.7 | 0.6
8 75 |68 |15 |57 [07 |97 |95 03 |48 |57 |62 |44 18 | 66
Q|04 |06 |08 [04 |04 |07 |08 56 |07 |47 |08 |58 87 192
1 | 075|596 | 247 | 178 | 861 | 664 | 830 68 |4 6 8 2 1 2 6
9 161 |3 37 |61 |94 |43 |96 06 {03 (03|04 |03 )07
Q|07 |06 |04 [07 |07 |07 |03 00 |8 |08 |37 |79 |06 0.3
2 | 165 | 486 | 198 | 824 | 292 | 433 | 786 44 |33 |36 |79 |09 |59 32
0157 |7 65 |75 |44 |9 35 5 9 2 4 3 5 1 7
03 (08 (05|04 0.6 | 0.8
Q1 |Q1 Q1 [Q1 Q1 |Q1|Q1|Q2 74 |56 |38 |8 |05 |97 |73
3 4 5 6 7 8 9 0 25 |53 |54 |56 |93 |71 |37
07 |07 |08 0.6 0.6 |04 2 |8 |7 [9 1519 |4 |1
40 |77 |58 |03 18 |08 |93 |21 Pearson Correlation Matrix
93 |06 |74 |88 |24 |27 |76 |06 Table 5 shows the correlation analysis
6 9 2 67 |4 52 |1 9 of the data. The correlation test showed that
041081031081 103041 03/03 there were positive relationships between all
21 |67 |71 |61 |73 |70 |21 | 74 the questionnaire items (Q6-Q20). It entails
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perceived benefits of Al one has, the more
willingness to use AI tools there is.
Correlations are also positive; they also
support the reliability and internal coherence
of the questionnaire (Nashwan et al., 2023).
Table 6: Regression Analysis (Positive
Coefficients)

|Predict0r ||C0efficient ||p-value |
|Age [0.12 [0.04 |
|Q6 Aware_Al ll0.35 lo.001 |
|Q7 Understand AT ][0.41 [0.0 |

Regression Analysis
Table 6 shows the regression analysis
of the data Regression model depicted that
Age, Awareness (Q6), and Understanding (Q7)
were important predictors of the composite
outcome score. Both Awareness and
Understanding showed significant positive
coefficients, and that is, the higher the
familiarity with Al, the higher the willingness
of nurses to introduce Al into the decision-
making. Albeit with a smaller positive
coefficient, Age remained suggestive of a
meaningful contribution (Jayakumar et al.,
2021).
Normality Test (Shapiro—‘)\/s\llilk)
0.30

0.25 0.23

0.05 - EEEe e - - - T

0.00

Agl;e Composite Score
Figure 1: Normality Test (Shapiro—Wilk)

Figure 1 shows the normality test
of the data. As can be seen, the bar chart
indicates that p-values of Age (0.23) and
Composite Score (0.31) are greater than p-
value 0.05 (red line). This is a confirmation
that the dataset is normally distributed and thus
it is applicable in parametric tests like t-tests,
ANOVA, and regression (Hah & Goldin,
2021).

q%liability Test (Cronbach’s Alpha)

0.92

Acceptable
E==lGooc
E=lREXcellent

Cronbach's Alpha

Figure 2: Reliability Test (Cronbach’s
Alpha)

Figure 2 shows the reliability analysis
of the data. The bar chart shows that
Cronbach's Alpha of 0.92 is in the Excellent
Reliability category (above the purple line of
reference at 0.9). This is a sign that the items
of the questionnaires (Q6-Q20) are very
consistent in measuring the perceptions of Al
in making nursing decisions (Sommer et al.,
2024).

Validity Test (KMO & Bartlett’s)
350

300
250
2001
150
100

50

0,82
0 KMO

Bartlett’s Chi-Square

Figure 3: Validity Test (KMO & Bartlett’s)

Figure 3 shows the validity test of
the data. The value shows that the KMO is
0.82 (acceptable to meritorious) and a very
significant Bartlett's Chi-Square (356.47, p <
0.001). Collectively, these findings show that
the dataset is valid and can be used in a factor
analysis because the variables correlate well
with each other (De Gagne, 2023).

Group Comparison Tests (p-values)
0.05

0.04

--- Significance Threshold

p-value

0.015

0.01

0.003

0:001 0.000

t-test ANOVA Kruskal-Wallis  Chi-Square

Figure 4: Group Comparisons (t-test,
ANOVA, Kruskal-Wallis, Chi-Square)

Figure 4 shows the  Group
Comparisons (t-test, ANOVA, Kruskal-Wallis,
Chi-Square) of the data. All the p-values, t-test
(0.015), ANOVA (0.003), Kruskal-Wallis
(0.001), and Chi-Square (0.000) have a value
less than 0.05 as per the bar chart. That verifies
that  Al-related perceptions do differ
significantly between gender, education,
workplace, and training cohorts. These results
point to the idea that the attitude of nurses
toward Al depends on demographic and
contextual factors (Shi et al., 2023).
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Pearson Correlation Matrix (Q6-Q20)
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Figure S: Pearson Correlation Matrix
(Heatmap Figure)

Figure 5 shows the Correlation Matrix
of the data. The heat map reveals positive
relationships between all items (Q6-Q20) all
the time. This indicates that the greater the
awareness of Al, the more people understand it
and perceive its benefits, with a willingness to
use it. Stronger relationships, as indicated by
the darker blue cells, support the fact that the
questionnaire is coherent and reflects
interrelated areas of AI adoption in nursing
(Mohammad Amini et al., 2023).

Regression Analysis (Positive Coegi;ilcients)

0.35

Age Q6_Aware_Al Q7_Understand_Al

Figure 6: Regression Analysis

Figure 6 shows the regression
analysis ofthe data. ~According to the
coefficient  plot, there are  positive
contributions towards the composite outcome
by Age (0.12), Awareness (0.35), and
Understanding (0.41). What makes them the
best  predictors s awareness and
understanding, which implies that the best
predictors of willingness and positive attitudes
toward Al adoption in nursing are familiarity
with AT (Nasseef et al., 2022).
Discussion

The research results presented in this
research are valuable in understanding the
attitudes and practices of nurses towards
artificial intelligence (Al) in clinical decision-
making. These findings reflected that the data
were statistically valid and that it was
methodologically sound. The normal test
revealed that the data were normally
distributed, and it did not pose any problem in
the use of parametric tests and the use of t-
tests, ANOVA, and regression analyses. The

reliability test established that the Cronbach's
Alpha value was excellent (0.92), which
revealed that the questionnaire was internally
consistent and the items (Q6-Q20) were
reliable in the measurement of attitudes,
awareness, and perceptions of Al (Gongalves
et al., 2020).

On the same note, validity findings, a
meritorious KMO, and a highly significant
Bartlett's test verified that the dataset was
satisfactory to further factor analysis, thus
enhancing the credibility of the instrument
employed. The group comparison tests gave
significant results for the effects of the various
demographics on the perception nurses had
towards Al Independent samples t-test
demonstrated that there were significant
gender differences, which appears to indicate
that male and female nurses do not feel the
same when it comes to the application of Al
applications and that the female nurses are
largely receptive to adoption (Harmon et al.,
2021).

The one-way ANOVA revealed that
the level of education was a significant
distinguishing variable, as the higher the level
of education, the more positive the attitudes
towards AlI, which evidences the role of
advanced training in  increasing the
technological preparedness. Results of the
Kruskal-Wallis test revealed that workplace
settings, including hospitals and community
care, were important factors influencing the
experience and attitude of the nurses towards
Al In addition, the chi-square test resulted in a
significant correlation between education and
exposure to Al training, which indicates that
more educated nurses are in a better position to
receive formal training opportunities in AI (Li
et al., 2024).

The correlation analysis showed that
there were positive associations between all
items in a consistent fashion, which implied
that an increase in one measure, e.g.,
awareness, was associated with an increase in
the perceived benefits, willingness to adopt,
and acceptance of AL This unifying trend
shows that constructs measured by the
questionnaire were dependent on each other,
and this strengthens the research tool. These
findings were also highlighted in the
regression analysis, which demonstrated that
awareness and knowledge about Al were good
predictors of the willingness to adopt Al in
nursing practice. The age factor was also
positively related, although its impact was less
significant in relation to cognitive aspects like
awareness and understanding, indicating that
knowledge is more essential than the age of
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demographics to the development of attitudes
toward Al (Watson et al., 2020).

On the whole, these results suggest
that the willingness of nurses to focus on Al is
predetermined by the knowledge and
perception of the technology, whereas
demographic  factors, including gender,
education, and workplace, have a secondary
impact. The study emphasizes the significance
of  specific training and educational
interventions in the process of increasing the
familiarity of nurses with Al applications.
Healthcare systems can ensure a more
confident and evidence-based adoption of Al
into nursing decision-making by reducing
knowledge gaps and ensuring fair access to Al
education at all levels of education and
workplace environments (Petitgand et al.,
2020).

Conclusion

This research analyzed the concept of
artificial intelligence (AI) by nurses in clinical
decision-making and found some meaningful
results. The findings validated the validity of
the data was statistically sound with normality,
high reliability, and high validity, which
highlights the strength of the research tool.
Comparison of groups revealed that gender,
education, and workplace situation played a
significant role in their perceptions of Al, and
the chi-square analysis revealed the correlation
between educational background and Al
training exposure. The results of the
correlation revealed positive correlations
between all the measured variables all the
time, which supports the fact that all of them
are interdependent. Regression analysis also
determined that awareness and understanding
are the most reliable predictors of positive
attitudes towards the adoption of Al in nursing,
whereas age had a lesser positive correlation.

Finally, the research highlights the
fact that the focal drivers of Al adoption in the
nursing practice are knowledge and training. In
order to implement AI successfully in
healthcare, nurses need a specific educational
opportunity, training, and institutional support.
Through cultivating awareness and
understanding, healthcare systems may enable
nurses to apply Al as a complementary tool to
improve clinical judgment, but not to
substitute it. Future studies must also remain in
the ethical, organizational, and policy aspects
of Al adoption and extend the studies to more
and more diverse nursing populations.
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